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Aplicacion: ajuste de L

funciones (regresion)
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Resilience Definition Technique

0 No mitigation None

1 [Default] Minimal mitigation costs: Mitigate error associated Twirled Readout Error eXtinction

with readout errors (TREX) measurement twirling
> Medium mitigation costs. Typically reduces bias in Level 1 + Zero Noise Extrapolation
estimators, but is not guaranteed to be zero-bias. (ZNE) and gate twirling

® https://docs.quantum.ibm.com/quides/configure-error-mitigation



https://docs.quantum.ibm.com/guides/configure-error-mitigation
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Podemos modelar teodricamente el
ruido?
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Reconstruccion del proceso
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Podemos invertir este proceso?
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Podemos invertir este proceso?

Necesitamos el estado cudntico resultante del circuito
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Tomografia de estados cuanticos
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~ Chequeamos:
p . e Tr(p)=1
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